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Abstract

Many companies leverage the creativity of their employees to gather ideas for

innovations. These ideas are collected, saved, and evaluated via platforms

known as corporate ideation systems. Moderated ideation systems (ideation

2.0) emerged as a solution to address the limitations of traditional, rather pas-

sive ideation systems (ideation 1.0). In this study, we apply a qualitative

mixed-method approach (literature review, company case studies, expert inter-

views, and focus group workshops) to examine how artificial intelligence

(AI) technology may relieve the remaining pains of stakeholders in collabora-

tive, moderated ideation systems. This leads to a new framework of corporate

ideation systems, termed AI-based ideation systems (ideation 3.0). We identify

five major pains suffered by stakeholders in today's moderated ideation sys-

tems: creativity pain, content formulation pain, search pain, analytical pain,

and administration pain. We find that AI agents act as pain relievers when

serving five supporting functions: inspirer, stylist, matchmaker, analyst, and

organizer. The interconnected nature of pains means that employing AI agents

in certain functions within corporate ideation systems can create positive

externalities across the entire system. Practical insights into AI agent imple-

mentation and application in corporate ideation systems are provided by six

mini-case studies, which lead to the proposition of two organizational princi-

ples: the contextualization of AI usage and the generalization of AI implemen-

tation as the requirements for successful ideation 3.0.
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1 | INTRODUCTION

Employees' ideas are crucial to the production of innova-
tions. Thus, companies initiate various programs to
solicit ideas from the creative minds of their employees,
such as hackathons or innovation labs (Flocco

et al., 2022). Another established method is idea manage-
ment, which gathers, develops, evaluates, and recognizes
employees' ideas in a structured manner (Beretta, 2019).
Over the past few decades, corporate idea management
has undergone a major transformation—what began with
simple letter boxes to collect incremental improvement
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ideas from employees (Björk & Magnusson, 2009) has
gradually evolved into sophisticated digital systems for
finding breakthrough, novel ideas (Deichmann &
Jensen, 2018). Features such as idea commenting and
voting (Hoornaert et al., 2017) have turned these systems
into collaborative platforms. With these developments, a
new form of corporate ideation system using moderated
ideation1 has emerged. Systems of this nature are built
upon virtual idea boxes (predefined, strategically aligned
ideation themes) managed by employees (moderators),
who facilitate the ideation process by, for instance, guid-
ing idea discussions (Beretta et al., 2018). While moder-
ated ideation addresses many of the drawbacks of
traditional, passive ideation systems, such as a lack
of continuous engagement and strategic misalignment
(Beretta et al., 2018), it has increased the complexity of
ideation systems by requiring the increased involvement
and interaction of stakeholders. This poses procedural
challenges, such as high evaluation workloads, commu-
nication efforts, and biased selection decisions, which
impair the proper functioning of the ideation system
(Kruft et al., 2019).

Although the literature on artificial intelligence
(AI) suggests that AI holds immense potential as a tool in
creativity and innovation (e.g., Bouschery et al., 2023;
Verganti et al., 2020), its potential to address the emerg-
ing challenges of corporate ideation systems remains
underexplored. Existing research mainly studies how AI
can be applied to isolated stages of ideation, such as eval-
uation (e.g., Bell et al., 2024; Dahlander et al., 2023),
reflecting its fragmented integration into corporate idea-
tion systems. However, corporate ideation systems
involve multiple interdependent functions, ranging from
campaign preparation and idea generation to evaluation
and development. The interconnected structure of these
systems requires an understanding of how multiple func-
tions can interact with AI in various roles and how these
collective interactions affect the ideation system in its
entirety (Grilli & Pedota, 2024). This is particularly rele-
vant given the general-purpose nature of AI, which offers
diverse applications to augment each function in differ-
ent ways (Gama & Magistretti, 2025). A significant gap,
therefore, lies in our understanding of how AI can effec-
tively enhance entire ideation systems, particularly those
using moderated ideation. This leads to the following
research question, the first of two: How can AI enhance
corporate ideation systems across multiple stakeholders
and functions?

In addition, the technical integration of AI into idea-
tion systems does not automatically ensure their effective

functioning, leading scholars to call for research on the
enablers and capabilities required for successful AI
implementation in innovation (Gama &
Magistretti, 2025). In general, empirical insights into how
companies can effectively implement AI remain scarce
(Bahoo et al., 2023). The knowledge required concerns
the conditions under which AI implementation can pro-
mote ideas and innovation in organizations in general,
but it is specifically unclear in the context of organiza-
tional multi-actor systems that enact multimodal value
creation supported by AI (Gama & Magistretti, 2025),
such as corporate ideation systems. This leads us to our
second research question: What implementation strategies
effectively support the functions of AI in corporate ideation
systems?

To answer our research questions, we adopt an
exploratory mixed-method approach. Given that AI is a
new concept in corporate ideation systems, our approach
is akin to generating new business models. This strategy
is informed by the Value Proposition Canvas
(Osterwalder et al., 2015) and considers a multiple-
stakeholder perspective (Freeman, 1984) using different
data collection techniques, including a literature review,
a company case study, expert interviews, focus group
workshops, and six mini-cases. Since we seek to develop
a comprehensive picture of how AI can alleviate chal-
lenges across different stages of corporate ideation, the
literature review and single case study serve the purpose
of identifying central challenges in ideation systems
(pains), whereas the expert interviews and focus groups
allow us to conceptualize supporting AI roles within
these systems (gains). Finally, the collection of mini-cases
provides empirical evidence of how those AI roles are
employed in practice and allows us to derive organiza-
tional strategies to implement them effectively.

Our study's core contribution to research on manag-
ing corporate ideation systems (e.g., Beretta et al., 2018;
Beretta et al., 2021) lies in understanding how AI can be
strategically employed to alleviate the specific pains faced
by stakeholders in moderated ideation systems while also
recognizing how these individual challenges interrelate
throughout the entire ideation system cycle (Gama &
Magistretti, 2025).

First, we show how AI agents can help mitigate or
eliminate common pains, leading us to introduce a new
type of ideation system (AI-based ideation or ideation
3.0). We find that AI agents act as pain relievers when
serving five supporting functions—inspirer, stylist,
matchmaker, analyst, and organizer—within corporate
ideation systems. We go on to propose that these func-
tions need to be understood as interconnected elements
because ideation systems are inherently systemic in
nature. We reveal how addressing pains by means of an

1Also known as collaborative ideation systems in research (Beretta
et al., 2018).
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AI agent at one stage (e.g., the content formulation pain
in idea generation) can have downstream effects that
either alleviate or exacerbate challenges in subsequent
stages (e.g., fostering better idea evaluation and matura-
tion). This contributes to a deeper understanding of idea-
tion systems, where the effects of AI interventions must
not be considered in isolation, but with consideration of
their systemic impacts across the stages in ideation
systems.

Second, adopting a systemic lens allows us to further
identify strategies for implementing AI within corporate
ideation systems, which need to be understood as subsys-
tems embedded within larger organizational systems that
face the pervasiveness of AI as a general-purpose technol-
ogy. As a result of our casework, we derive two organiza-
tional principles—contextualization and generalization—
that are critical for the successful adoption of AI in idea-
tion systems. Contextualization refers to tailoring AI
applications to specific functions and contexts within the
ideation process, whereas generalization involves devel-
oping transferable AI resources and capabilities that can
be utilized across multiple stages and tasks. These princi-
ples serve as guideposts for AI implementation strategies
in practice and represent new contributions to the litera-
ture on AI implementation for innovation (Gama &
Magistretti, 2025; Verganti et al., 2020).

2 | THEORETICAL BACKGROUND

2.1 | The evolution of ideation systems

Ideation systems have evolved from simple suggestion
boxes that collected incremental, paper-based employee
ideas for internal process optimization (Björk &
Magnusson, 2009). Early IT-based systems, or traditional
systems (ideation 1.0), were passive platforms involving
managers, idea generators, and evaluators. These systems
allowed ideators to submit ideas with limited idea revi-
sion and communication among ideators, but without
the need for specific company search fields or predefined
problems (Gernreich, 2018). Advancements in internet
and Web 2.0 (wiki) technologies have also revolutionized
ideation systems (Acar, 2019), leading to moderated idea-
tion (ideation 2.0) systems (Beretta et al., 2018). Interac-
tive community features, such as idea commenting and
voting, encourage discussions and activities around ideas
and give idea contributors (peers) a central role
(Beretta, 2019; Deichmann et al., 2021). Ideation now tar-
gets not only incremental ideas but also radical break-
through solutions (Gamber et al., 2022; Kruft
et al., 2019). A problem-oriented ideation strategy with
predefined themes in idea contests, campaigns, or idea

boxes enhances the strategic fit of generated ideas
(Beretta et al., 2018). Moderators play a key role in man-
aging and guiding discussions on specific themes (Zhu
et al., 2019).

Beretta et al. (2018) showed that moderated ideation
systems address three key shortcomings of traditional
ideation systems: unfocused idea generation, reduced
employee participation, and a lack of mechanisms for
managing and selecting good ideas. These issues are miti-
gated through a predefined, company-aligned ideation
strategy, diverse community-building measures
(e.g., performance targets, feedback, and incentives), and
a structured ideation process (e.g., guidelines for idea
refinement and evaluation). Studies highlight the impor-
tance of feedback and open discussions in moderated ide-
ation systems for refining ideas (Gamber et al., 2022; Zhu
et al., 2019) and fostering mutual learning (Chen
et al., 2022). Although moderated ideation systems offer
advantages over traditional systems, several barriers
remain for stakeholders, as demonstrated in this article.

Given the current trend around AI, there is huge
potential for AI in corporate ideation systems. Therefore,
our article focuses on a new form of ideation system, the
AI-based ideation system (ideation 3.0). This system differs
from the prevailing moderated ideation systems by incor-
porating AI agents (Russell & Norvig, 2021) with differ-
ent thematic focuses. In this article, we define an AI
agent as a software entity that can perform tasks to vary-
ing degrees of autonomy by receiving inputs and produc-
ing outputs that feed back into the ideation system
(OECD, 2024). AI agents either receive commands from
ideation system stakeholders or operate independently
through built-in features within the ideation system.
Unlike directly involved ideation system stakeholders, AI
agents function indirectly, thus enhancing ideation effi-
ciency and outcomes. Table 1 summarizes the evolution
of ideation systems.

2.2 | AI in creativity, knowledge, and
innovation

Recent literature has pointed to the potential of applying
AI technology to augment organizational creativity
(Bouschery et al., 2023) and fundamentally change inno-
vation processes (Haefner et al., 2021; Verganti
et al., 2020). As well as making conceptual contributions,
empirical studies showing positive effects of AI on crea-
tivity have naturally focused on jobs in creative indus-
tries, such as musical artists, visual artists, and designers
(Mazzone & Elgammal, 2019), or employees involved in
routine operations (Jia et al., 2024), because these cases
allow a clean focus on bilateral interactions between
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professionals and AI tools with regard to a single, well-
defined task. Across creative jobs, AI can contribute sub-
stantially along the dimensions of content creation, infor-
mation analysis, content enhancement, information
extraction, and enhancement (Anantrasirichai &
Bull, 2022). Occupational studies have found that AI-
driven automation relieves workers of time-consuming
routine tasks while creating mental capacities for more
knowledge-intensive creative work, for which comple-
mentary human–AI collaboration seems necessary
(Dell'Acqua et al., 2023; Rai et al., 2019).

However, these cases present somewhat isolated
instances of bilateral human–AI interactions or homoge-
nous creative occupations. In contrast, innovation pro-
cesses in organizational settings constitute a more
complex picture. Although this process starts with initial
sparks of creativity, it is usually followed by iterative
loops of evaluation and refinement. The complexity of
this process is driven by the combination of routine logis-
tics and highly creative nonroutine work, as well as by
the interrelation of elements along these dimensions and
across an organization's units. As ideation systems are
embedded into existing company structures, coordination
and the involvement of a plethora of information and

stakeholders are required (Beretta et al., 2018). Studies
have, for example, found that AI helps select the best-
suited creativity and innovation techniques to generate
ideas (Botega & da Silva, 2020). AI can provide con-
densed insights into and knowledge about users, offering
a potentially valuable resource for product development
and innovation efforts (Verganti et al., 2020). However,
there remains an issue in pinpointing the specific contri-
butions that AI technology can provide to various points
along this process because of the inherent complexity of
this general-purpose technology. Broadly, we follow the
OECD (2023) in defining AI systems:

An AI system is a machine-based system that,
for explicit or implicit objectives, infers, from
the input it receives, how to generate outputs
such as predictions, content, recommenda-
tions, or decisions that can influence physical
or virtual environments. Different AI systems
vary in their levels of autonomy and adaptive-
ness after deployment.

This definition showcases that the character of applied
AI is highly context-dependent and varies based on

TABLE 1 Systematization of ideation systems.

Type of
corporate
ideation
system

Ideation 1.0 Ideation 2.0 Ideation 3.0

Traditional ideation system Moderated ideation system AI-based ideation system

Description: Passive platforms with limited
possibilities for exchange among
their users and a broader scope of
ideas to be collected.

Interactive community-based systems
(e.g., idea voting, commenting) with
defined ideation focus fields, managed
by moderators.

Same features as moderated ideation
system, but with AI as the support
function in the ideation process across
all other stakeholders.

Innovation
idea types

Mostly incremental Incremental and/or radical Incremental and/or radical

Stakeholders:

Idea
manager

� � �

Idea
generator

� � �

Idea
evaluator

� � �

Idea
contributor
(peer)

� �

Moderator � �
AI agents �
Exemplary
sources

Gernreich (2018); Schweisfurth and
Dharmawan (2019)

Beretta et al. (2018); Gamber et al.
(2022)

This study

Note: � indicates that the stakeholder or AI support function is present in the respective system.
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algorithmic diversity stemming from different technical
paradigms (symbolic expert systems vs. connectionist
neural networks), architectures, and parametrization,
training methods (supervised, unsupervised, and rein-
forcement), usage of resources (numeric, textual, and
visual training data), and outputs (prediction, optimiza-
tion, classification, clustering, generating content, etc.).
Given the general-purpose character and algorithmic
diversity of the technology, investigating the interaction
between ideation systems and AI technology requires a
more nuanced perspective on how the technology is
adapted to directly meet the needs of different stake-
holders within ideation systems (Perez-Vega et al., 2021).
This, in turn, carries indirect consequences for other

stakeholders and the entire functioning of ideation sys-
tems (Freeman, 1984).

3 | METHOD USED

3.1 | Research approach and setting

Because AI-based ideation systems are a new topic, our
research approach employs the Value Proposition Canvas
(Osterwalder et al., 2015), a widely used framework for
generating and analyzing new business ideas. The
Canvas consists of two elements: the customer profile
(right-hand side of Figure 1)—defined here as the

FIGURE 1 Adapted value proposition canvas as a research approach (adapted from Osterwalder et al., 2015).
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ideation system stakeholder profile due to our multiple-
stakeholder perspective (Freeman, 1984)—and the value
proposition (left-hand side of Figure 1). The stakeholder
profile includes descriptions of jobs2 (tasks), pains (chal-
lenges), and gains (benefits from the completed job) for
ideation system users. The value proposition defines how
features can alleviate stakeholder pains and create fur-
ther gains. In the early phase of business model develop-
ment, there is a problem–solution fit when the value
proposition addresses a customer (stakeholder) problem
(Osterwalder et al., 2015).

Our research employs a four-step approach that uses
three types of qualitative data to define and validate ele-
ments of the Value Proposition Canvas for AI-based idea-
tion systems (Figure 1). Additionally, a fourth data
source demonstrates how AI agents perform in action.

Our initial qualitative data set (Source #1) aims at
defining stakeholder profiles in today's ideation systems,
focusing on their pains. We conducted a comprehensive
literature review (Table S1) on moderated ideation sys-
tems (ideation 2.0) and a case study with a large
manufacturing firm operating a (semi-)moderated idea-
tion system for over 15 years.3 This system processes over
1000 ideas annually, primarily for incremental process
innovations and predefined search fields. Idea managers,
acting as moderators, oversee idea evaluation, invite
experts for discussions and idea evaluation, and run idea-
tion campaigns. Idea evaluators test, validate, and decide
on idea implementation, with successful ideators receiv-
ing monetary rewards. Key performance indicators track
and guide the ideation activities. We conducted semi-
structured interviews with 12 stakeholders and triangu-
lated our findings with secondary company data
(presentations, survey, and workshop results) to enhance
construct validity (Yin, 2009). The interviews lasted 45 to
120 min and were recorded with the consent of the
participants.

The second part of our study (Source #2) focuses on
defining the value proposition and examining how AI fea-
tures can act as pain relievers, including their benefits
and risks. Source #2 also serves to confirm the pains
identified in the first part. We conducted semi-structured
interviews with experts chosen for their specialized
knowledge in AI and ideation systems. We targeted idea
managers, consultants specializing in idea management,
ideation system providers, and researchers on idea

management and/or AI. We contacted more than 50 indi-
viduals using internet searches, personal networks, and
snowballing techniques,4 leading to 18 expert interviews.
These interviews, lasting 30–60 min, were recorded with
the consent of their participants. We triangulated our
findings with secondary data provided by experts, includ-
ing a study on AI in innovation management (sample:
162 innovation managers) and workshop findings on
generative AI in corporate ideation (sample: 80 idea
managers).

Findings from our third qualitative data source
(Source #3) validated our conceptual framework, specifi-
cally the problem–solution fit (Osterwalder et al., 2015),
and identified potential risks of AI in corporate ideation,
enhancing construct validity and generalization
(Yin, 2009). We conducted two focus group workshops
with 23 idea managers from various companies and
industries recruited through network organizations inter-
ested in our research. Each workshop lasted 45–60 min,
primarily following a focus group discussion format, with
the exception of a brief presentation on our concept prior
to the discussions. With the consent of their participants,
the workshops were recorded. Table 2 summarizes the
interview participants contributing to the three qualita-
tive data sets.

Our fourth qualitative data source (Source #4) com-
prises six comparative mini-case studies (Käss
et al., 2024; Yin, 2009) involving companies—named
Alpha through Zeta for the purposes of this study—devel-
oping, testing, or using ideation systems with AI features.
These studies offer firsthand insights into AI in online idea-
tion. We compared individual features representing our
defined AI agents across cases. Primary data collection
involved interviews lasting 30–60 min, again triangulated
with secondary data sources, such as observations during
AI usage, online workshops, company documents, and
press reports. The interviews were recorded and tran-
scribed. Table 3 summarizes the mini-cases.

3.2 | Data analysis

The transcripts from the interviews and focus groups
were analyzed using qualitative content analysis (Miles &
Huberman, 1994). The main categories (e.g., stakeholder
pain, AI agent) and subcategories (e.g., pain type, AI
agent type) were developed inductively during data

2The Value Proposition Canvas distinguishes between three categories
of jobs (functional, social, and emotional). In the context of our study,
the functional tasks are in the foreground and are therefore the subject
of our study.
3We refer to this as a semi-moderated system because the platform does
not include all the aufeatures typical of moderated ideation, such as
idea voting.

4Our initial plan was to conduct a case study on an existing AI-based
ideation system. However, after engaging with ideation system
providers, we found that the AI-based ideation system is a new concept
with limited availability and experience. Thus, we shifted our main
research focus to expert insights.
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analysis and deductively from the literature
(Amabile, 1983; Nijstad et al., 2010; Runco &
Chand, 1995). The evaluated data on pains and AI agents
were organized into tables according to these categories,
with examples and quotes provided as evidence
(Table S2). Stakeholder pain classifications and AI sup-
port roles were refined iteratively, adjusting concepts as
new insights emerged. Data analysis for the first two data

sets (Sources #1 and #2) occurred concurrently with data
collection to identify saturation points. Additionally, for
the fourth data set (Source #4), data triangulation tech-
niques were extensively employed (Yin, 2009) due to the
availability of rich secondary data, such as company doc-
uments and press reports.

4 | RESULTS

In this section, we present the findings, starting with the
identified stakeholder profiles of key users5 in today's
moderated ideation systems ( jobs and gains of stake-
holders). We then examine the value proposition for each
AI agent (inspirer, stylist, matchmaker, analyst, and orga-
nizer), detailing the pains addressed, AI as a pain reliever,
and the created gains and potential risks. Practical
insights from the AI agents in action are also incorpo-
rated. This forms our conceptual framework of AI-based
ideation (ideation 3.0). Finally, we present our findings
on its validation and critical assessment.

4.1 | Stakeholder profiles in ideation
systems

4.1.1 | Jobs and gains of stakeholders

Idea managers act as system coordinators, managing and
maintaining the system. Their ‘jobs’ include setting
reward policies, identifying idea topics for campaigns,
selecting evaluators, communicating idea status, driving
idea evaluation and implementation, promoting the pro-
gram, assessing it against key performance indicators,
reporting to management, and training employees
(Gerlach & Brem, 2017). Their tasks are resource-
intensive, as one idea manager elaborated:

We held events where I invited employees from
different departments and advertised the
system. I answered questions in special
question-and-answer sessions. We also ran
boost sessions to drive idea evaluation, shorten
implementation times, or simply clarify idea

TABLE 2 Overview of Interviewed Participants (Sources #1,

#2, and #3).

Stakeholder Description
Informants
interviewed

Source #1: Company case

Idea
manager/
moderator

System coordinator who
manages, maintains, and
promotes the ideation system,
develops campaigns, and
drives idea evaluation.

4

Idea
generator/
contributor
(peer)

Employee from production or
administration who submits
ideas individually or as part of
a team.

3

Idea
evaluator

Manager who reviews and
improves ideas, takes
implementation decisions,
provides decision feedback,
and calculates rewards.

5

Source #2: Expert interviews

Idea manager Ideation system coordinator
from finance, automotive,
consumer goods, electronics,
or engineering industries.

6

Consultant Consultant who advises
companies on idea
management (e.g., helping
clients to set up and manage
ideation systems and to collect
and implement ideas).

4

System
provider

Specialist/consultant of an
ideation system software
company.

4

Researcher Researcher specialized in the
field of ideation systems or AI.

4

Source #3: Focus group workshops

Idea manager Ideation system coordinator
from the finance, healthcare,
insurance, automotive,
consumer goods, or
engineering industries.

23

Note: One consultant in Source #2 was also a former idea manager. Focus
group workshops (Source #3) included three idea managers who had also
participated in the expert interviews of Source #2.

5In this study, we focus exclusively on primary stakeholders—idea
managers, idea generators, idea evaluators, idea contributors/peers, and
moderators. Secondary stakeholders (e.g., campaign sponsors and top
management) were omitted due to their lower importance in the digital
ideation process (Beretta et al., 2021; Kruft et al., 2019). In addition, we
excluded idea selectors as separate roles because their tasks and pains
overlap with other roles, such as evaluators, and they are not a distinct
role in our case study.
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cases with many open questions. (Idea man-
ager, Source #1)

Often, the role of managing ideation is an addition to a
primary job. Idea managers benefit through compensa-
tion (salary), but also recognize the program's value to
the company, as one interviewee (Idea manager, Source
#1) noted: “I do this with all my heart because I see that
we are saving money and moving the company forward
with good ideas.” Other benefits relate to social aspects,
from being the first point of contact.

Idea generators are employees who create ideas indi-
vidually or in teams (Gibbs et al., 2017). Their ‘jobs’
include identifying idea topics (Beretta et al., 2018),
searching for suitable team members (Deichmann &
Jensen, 2018), formulating ideas clearly (Gamber
et al., 2022), testing and validating ideas
(e.g., prototyping, market validation, cost–benefit analy-
sis) (Deichmann et al., 2021), refining ideas based on
feedback (Boënne et al., 2023), and responding to com-
ments (Gamber et al., 2022; Zhu et al., 2019). They ‘gain’
from ideation through compensation by reward or as part
of their salary (Ruiz & Beretta, 2021), experience (Boënne
et al., 2023), recognition, and workplace improvement
from incremental process ideas; as one informant noted:
“The employees themselves benefit from ideas. They want
to make their work easier.”

Idea evaluators are management-level experts or
members of committees responsible for reviewing ideas
(Ruiz & Beretta, 2021). Their ‘jobs’ include screening,
categorizing, and filtering out ideas (Kruft et al., 2019),
testing ideas, and gathering additional insights for deci-
sion making (Deichmann et al., 2021). The company case
shows that decision-making can be supported by inviting
other specialists to comment on ideas. Evaluators also
review ideas to decide whether to move them forward or
implement them (Beretta, 2019), provide (decision) feed-
back (Asplund et al., 2022), calculate rewards, and nomi-
nate award winners (Gerlach & Brem, 2017). In the
company case, evaluation is part of the evaluators' job so
that their ‘gains’ include compensation as well as the
benefits of ideation outcomes (e.g., product/service inno-
vations) driven by their goal to advance the business and
generate revenue as managers.

Idea contributors (peers) comment on or vote for
others' ideas, thus becoming involved in idea refinement
and evaluation (Zhu et al., 2019). Furthermore, a contribu-
tor may signal an interest in joining idea development as a
team member by committing to others' ideas (Deichmann
et al., 2021). Contributors' ‘gains’ from these activities are
socialization (Beretta & Søndergaard, 2021) and learning
from others (Chen et al., 2022), thus favoring the develop-
ment of their own ideas (Chen & Althuizen, 2022).

Finally, moderators are trained individuals who facili-
tate ideation by leading idea discussions (Zhu
et al., 2019), providing feedback (Camacho et al., 2019),
and matching ideas with synergistic content (Zhu
et al., 2019). Their roles are similar to those of the idea
managers but limited to specific campaigns or topics
(Chen et al., 2022), rather than the entire program. They
may also formulate the ideation strategy (i.e., analyze the
internal environment to identify opportunities as idea
scouts) and initiate idea topics as parts of campaigns or
contests (Beretta et al., 2018). Moderators are crucial
because, as one interviewee said, “They keep the commu-
nity fresh, they keep the campaign fresh. They onboard
community members.” As initiators of idea topics, they
‘gain’ from their job through finding solutions for spe-
cific problems in their field, but they may also benefit
from socialization, like the other roles.

Overall, the identified ‘gains,’ which we group into
functional, social, and emotional gains6 (Osterwalder
et al., 2015) come to fruition when the program runs
smoothly and good ideas—ideas that are implemented
and from which the company benefits—are developed.
Furthermore, we found that the above roles are not
mutually exclusive. The company case shows that idea
managers also acted as moderators, and some even sub-
mitted ideas themselves. Likewise, evaluators also had
experience with idea submission.

4.2 | AI as an inspirer

4.2.1 | The creativity pain

The creativity pain refers to the lack of the creativity-
related, problem-finding, or divergent thinking skills nec-
essary to find creative solutions (Amabile, 1983; Runco &
Chand, 1995). This pain can reduce the number of ideas
generated within a campaign or contest or lead to
ideas that identify problems but offer no solutions, as an
idea manager pointed out:

Another major issue is that employees realize
that there is a problem, and they just recom-
mend doing the process differently without
explaining how to do it differently. That is, the
ideas that are submitted are not really elabo-
rated. (Idea manager, Source #1)

6Functional gains: problem solution, process optimizations (savings),
product/service innovations (revenue), compensation, learning, and
workplace improvement. Social gains: socialization, experience, and
learning. Emotional gains: recognition and employee satisfaction.
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The creativity pain, however, may also result from wrong
problem-solving approaches occurring in the context of
cognitive fixation (Jansson & Smith, 1991). This, in turn,
leads to undesirable concepts or ideas. Ideators with past
success, for instance, have been shown to fixate on their
past successful solutions when creating new ideas, lead-
ing to less variation and idea novelty (Bayus, 2013). One
informant further elaborated on this issue as follows:

In the ideation phase, generally there are
many problems like cognitive biases and fixed-
ness of people that basically lead them to con-
sider only a specific set of options. That is
usually related to what has been there in the
past (…). (Researcher, Source #2)

The creativity pain is not limited to ideators in the idea
generation phase. For example, interviewees also identi-
fied this pain among idea managers and moderators
involved in creating promotional material and setting up
appealing campaigns or contests, primarily due to a lack
of time. This can have serious consequences for system
participation “because if you come with the same message
every day and do the same thing year after year for motiva-
tion and inspiration, it's boring. No one will pay attention
to it anymore” (Consultant, Source #2).

4.2.2 | The value proposition of the
inspirer agent

First, in its role as an inspirer, AI helps to create content
by providing food for thought, inspiring input, or initial
ideas (Brem et al., 2021), thereby addressing stakeholders'
creativity pain. In this context, experts consider genera-
tive AI the main technique to address, for example, the
inability of idea generators to find a solution for a specific
problem:

There is a situation, not too bad, but maybe it
could be better, and they are looking for an
idea. What to do in this case? They simply
could ask a generative AI. And they get sugges-
tions. Most probably, none of those suggestions
would fit, but maybe one would trigger an
original human idea. (Consultant, Source #2)

It is important to emphasize that generative AI is consid-
ered a source of inspiration, not a source of final,
submission-ready ideas. It is seen as a time-saving
method compared to alternatives like design thinking or
“walks in the forest to come up with a new idea,” as one
consultant noted. In addition, it can inspire by proposing

creative thinking or problem-solving methods, thus also
helping to break potential biases, such as cognitive fixa-
tion (Storm & Angello, 2010).

Instead of applying generative AI, one expert sug-
gested other ways—related to the use of transfer learning
of large language models to find text similarity (Raffel
et al., 2020) or of analogy mining techniques based on
genetic algorithms (McCaffrey & Spector, 2018)—to cre-
ate ideas for a given problem or to solve fixation issues in
the phrasing of the problem:

If you're in the automotive industry and you're
totally thinking automotive, but you have a
process that is similar to what chemical
manufacturing does, AI could basically high-
light the similarity and say ‘look I found like
20 patents from the chemical industry where
there is a similar process and it looks to be
something that we could also use.
(Researcher, Source #2)

Furthermore, generative AI may relieve the creativity
pain of moderators and idea managers because it pro-
vides access to a wealth of inspiring messages, slogans,
motivational videos, and speeches. As highlighted by the
experts, this content could serve to motivate participants,
foster creativity, and maintain momentum for the cam-
paign or contest.

Considering the potential risks of the inspirer role,
interviewees questioned whether AI would enable the
development of breakthrough ideas. One expert illus-
trated the concept of ‘sweet spots,’ referring to “certain
ideas that might sound crazy (…) but they have some-
thing in the core of the idea, or an aspect of the idea is
really good and interesting.” ‘Sweet spots’ that eventu-
ally lead to breakthrough innovations, however,
require much more than inspiration; they also need
profound industry and trend knowledge. Furthermore,
experts question whether AI can be inspiring when the
topics are very specific, complex, and dependent on a
plethora of internal insights. In addition, copyright
issues pose a problem. If creative content is generated
using open-source AI, questions arise as to the identity
of its creative director and the owner of the idea, as
well as whether the submitter needs to be rewarded
for it at all.

4.2.3 | The inspirer in action—Building a
holistic AI culture

In 2023, Alpha adopted a generative AI tool to enhance
input into its internal ideation system. The primary goal
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was to move beyond incremental improvements and
drive forward-thinking initiatives:

We need to inspire our employees to think
beyond the incremental and envision truly
transformative ideas. (Innovation manager,
Source #4, Case Alpha)

The company started integrating the AI-powered chatbot
branded as ‘Medici.’ It was connected to OpenAI's appli-
cation programming interface through the Azure cloud
and into the company's Microsoft Teams environment.
This tool assists employees not only with formulating
ideas, but also with various queries, from daily opera-
tional questions to more complex problem-solving sce-
narios, and is domain-adapted based on internal
company data to produce more company-relevant out-
puts. The rollout strategy for AI at Alpha was
comprehensive:

Medici is accessible to all employees, providing
support on professional topics while ensuring
data privacy and security. (Innovation man-
ager, Source #4, Case Alpha)

Instead of limiting AI usage to idea generation, the com-
pany integrated AI into various everyday tasks, encourag-
ing broader adoption. This approach helped employees
become familiar with AI tools more quickly. While Med-
ici was meant to be a general-purpose sparring partner,
the company undertook a substantial effort to equip
employees with the skills to avoid the pitfall of creating
ideas greater in number but smaller in creativity. To this
end, Alpha conducted extensive training sessions and
took various steps to motivate and educate employees.
Prompt engineering workshops were designed to teach
employees how to interact with AI effectively. “We had
more than 16% of our employees participate in these work-
shops live, and many more accessed the recorded sessions,”
the innovation manager noted. These workshops
included practical exercises using AI tools for daily tasks.
However, a more salient point of these workshops
involved fostering experimental conduct with Medici and
providing prompting techniques and best practices to
coproduce nongeneric outputs. Alpha also offered an
internal prompt library, but this remained underutilized
because human–AI interactions seemed to be rather
bilateral, and users would stay within the chat interaction
rather than considering additional information. Alpha
provided employees with regular updates through the com-
pany's intranet and employee newsletters, keeping every-
one informed about new developments and success
stories related to AI. Alpha fostered a holistic AI culture

and prompted its employees to apply the tool creatively
for idea generation and refinement. At the same time,
they decided to embrace the general-purpose nature of
generative AI and not maintain AI applications in isolated
silos, for example by embedding them only into the idea-
tion system environment. This helped enable experiential
learning, which led to increased AI literacy among
employees.

In other cases, a chatbot (Case Beta) or an automated
idea generation feature (Figure S1; Case Delta) is inte-
grated into the ideation system as a partner for solution
searches. An informant from a leading private hospital
group explained this functionality:

With our present self-developed prompts, we
aim to support by providing inspiration on
how to generate an idea. Meaning, you only
need to present a problem and then collabora-
tively develop a solution with the AI in the
chat. (Idea manager, Source #4, Case Beta)

In Beta, it was imperative to address copyright and liabil-
ity issues in the ideation policy. Developed over several
months in collaboration with the company's works coun-
cil, the policy ensures that employees are not disadvan-
taged by AI features and are released from any copyright
and liability concerns—a central issue mentioned by the
informants interviewed earlier (Sources #2 and #3). To
encourage employees to use AI features, training sessions
were initiated to address concerns, particularly in regard
to data privacy, given the importance of protecting corpo-
rate data in the clinical environment. Consequently,
employees were educated about the proper use of a chat-
bot in ideation.

4.3 | AI as a stylist

4.3.1 | The content formulation pain

The content formulation pain refers to the difficulty of
correctly formulating text to ensure the information is
properly understood and appealing to the reader. This
occurs when the core message is available, but its
description is poorly elaborated. Informants highlighted
various causes for this pain, such as a lack of skills or lan-
guage barriers, which make it challenging to describe
ideas accurately or to formulate appealing campaigns or
contest briefs:

The employees should sell their ideas well, and
not everyone is a salesperson, in the sense that
they put their ideas across so positively
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that the person in front is totally enthusiastic.
(Idea manager, Source #2)

Additionally, a lack of time and heavy workloads
(Vanharanta, 2018) prevent feedback providers from
delivering comprehensible feedback. The content formu-
lation pain can have various consequences. The way con-
test briefs are presented, including their readability and
length, affects the number of high-quality ideas in com-
petitions (Hu et al., 2020). Moderators' writing and lead-
ership language styles impact the quality and quantity of
contributions (Becker et al., 2022; Coussement
et al., 2017). Idea presentation influences selection deci-
sions due to differences in understanding
(Gernreich, 2018) and attention (Zeng et al., 2022). Poorly
formulated ideas may be withheld by ideators fearing
rejection, and this pain may limit participation from
global employees who do not speak a common language.
Rejecting ideas with impersonal responses can also lead
to demotivation and lower participation:

It is exactly this feedback that is the biggest
hurdle. (…) That means that if an employee
has received bad feedback, he is guaranteed to
tell his colleagues about it, and that creates a
chain reaction. (Consultant, Source #2)

4.3.2 | The value proposition of the
stylist agent

AI can reformulate existing content to enhance its under-
standability and appeal, altering the presentation while
preserving the message's meaning. This AI agent, defined
as the stylist, could reduce the content formulation pain.
The stylist agent supports various stakeholders throughout
the ideation process, including reformulating campaign or
contest briefs (idea managers and moderators), idea
descriptions (idea generators), comments (peers), and feed-
back (evaluators). Here, language models used in genera-
tive AI and additional text-mining techniques, such as
sentiment analysis, are once again at the forefront:

ChatGPT can formulate [campaigns] much
better than me (…) or how do I hit the lan-
guage of the target group? If I present some-
thing to a controller, I need a completely
different language than for HR, the sales man-
ager, or the board. (Consultant, Source #2)

Moreover, experts have suggested that ideation systems
could incorporate a language transcription feature to
address the content formulation pain caused by language

barriers. Automated speech recognition has significantly
improved with deep learning, enabling multinational
employees to communicate more freely. Depending on
the way that automated speech recognition is used, the
stylist agent may create gains, such as increased aware-
ness, motivation, understanding, and improved commu-
nication. Research has indicated that message
presentation affects idea quantity and quality (Becker
et al., 2022; Coussement et al., 2017), and, according to
one expert:

In so many cases, there was one problem defi-
nition [within a campaign] and there were no
good results and redefining the same question
with other wording from another angle, they
found the right answer in the short term.
(Consultant, Source #2)

Experts considered the stylist agent to be less risky than
other agents, although some highlighted that it could
lead to monotony, reduced variety, and excessive similar-
ity in descriptions. Furthermore, since radical and explor-
ative solutions are typically complex, AI
misinterpretation of such ideas could result in incorrect
reformulations.

4.3.3 | The stylist in action—Flawless
communication throughout the ideation
process

Our comparative mini-cases show that the stylist agent is
already being tested and utilized in a few ideation sys-
tems (Cases Beta, Gamma, and Delta), covering the
entire ideation process, from idea generation to feedback
(Figures S2 and S3; Case Delta). An informant from the
private hospital group described this feature as follows:

In the submission form, you can select ‘AI
actions,’ such as spell check or text shortening.
The same options are available for comment
fields; when users comment on ideas, they can
use preconfigured prompts from the software
provider, such as formulating text from bullet
points. (Idea manager, Source #4, Case Beta)

The stylist (and inspirer) agent relieves idea managers
from the further administrative tasks that arise with less-
developed ideas, thus providing evidence for the inter-
connection of pains or interdependent relationships:

In the past, together with the ideator, we often
had to rephrase, revise, and add information
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to ideas because they were often incomplete.
However, this was no longer necessary for the
ideas generated with AI. (Idea manager,
Source #4, Case Beta)

Other noticeable advantages include the acceleration of
processes. Next, as part of fostering an AI-adaptive com-
pany culture, the hospital group plans to launch a
communication campaign entitled Developing Ideas in
Five Minutes. This campaign aims to engage ideators with
limited computer access, such as nursing staff, thereby
increasing idea quantity.

Other ideation software (Cases Gamma and Delta)
also uses the stylist agent in campaign creation, providing
a ‘shortcut’ to campaigns, thereby saving time but also
ensuring that ideators are properly addressed. The AI-
based campaign development feature again works via an
interface to OpenAI and is fully integrated into the idea-
tion system:

There is no rocket science behind it (…) it's a
GPT model that we've prompted with the con-
text that we have added to it. (Customer Man-
ager, Source #4, Case Gamma)

To create a campaign, the user first provides a title and a
short campaign summary, with keywords being sufficient.
Next, the user selects from various campaign description
templates utilizing different storytelling tactics. Each narra-
tive template operates via a predefined prompt in the sys-
tem's background, contextualizing campaign descriptions to
convey key aspects engagingly. Generative AI then auto-
matically generates campaign tags (analyst agent) and sug-
gests four header images (inspirer agent) using DALL�E
3. Finally, the campaign is generated, and final specifica-
tions, such as campaign duration, are set.

4.4 | AI as a matchmaker

4.4.1 | The search pain

The search pain refers to the lack of knowledge or exper-
tise necessary to proceed in the ideation process, often
resulting in significant search efforts to acquire the
required information. Research has underscored that
domain-specific knowledge is crucial for creativity
(e.g., Amabile, 1983; Boons & Stam, 2019). However, in
practice, this knowledge is frequently unavailable to idea
generators because “employees have too little understand-
ing or perhaps too little insight for certain things” (Idea
manager, Source #1). The search pain extends beyond
the idea generation phase, affecting idea managers and

moderators as well. These stakeholders experience diffi-
culties in locating duplicate ideas, identifying the right
individuals to refine ideas, or finding evaluators for
implementation decisions. One interviewee highlighted
this challenge: “Now we have 10,000 employees and 2200
processes. You should have in your head who is responsible
for what” (Idea manager, Source #2). Evaluators also
require “numbers, data, facts” (Idea manager, Source #1)
and information outside their expertise, such as legal
knowledge of intellectual property or industry standards.
This pain can severely slow down the process, leading to
delayed decisions and feedback, as noted by an informant
from the case company (Source #1).

4.4.2 | The value proposition of the
matchmaker agent

AI can match stakeholders with the necessary informa-
tion, knowledge, or people, acting as a matchmaker to
address search pain. This AI agent offers opportunities
for a wide range of stakeholders due to the broad pres-
ence of search pain:

“Is this idea already there?” I think this can
help the employee when submitting the idea.
The AI can also help to tell who's the right per-
son to address because AI could do the match
of content and responsibility within the com-
pany. (Idea manager, Source #2)
AI could also help to find specific people, or
maybe also to match specific, different people
to work together on ideas. (Researcher,
Source #2)

Recommender systems based on k-nearest-neighbor algo-
rithms or matrix factorization techniques could be pre-
dominantly used for match functions of this kind
(Felfernig et al., 2021). Generative AI could provide direct
answers to evaluators for simple queries or decision-
making information, leading to faster results. Clustering
and classification algorithms could identify groups of
similar or dissimilar employees or classify their expertise,
aiding idea managers in matching ideas with evaluators
or suitable collaborators. While this saves time and
increases efficiency, it could also affect outcome quality,
because higher quality and successful ideas often result
from diverse team members (Garcia Martinez
et al., 2017) or diverse peer comments (Zhu et al., 2019).
However, AI could also help here by analyzing ideators'
ideas and their knowledge from prior submissions or
comments to ensure diversity in idea discussions, for
example (see also AI as an Analyst below).
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A potential risk highlighted by idea managers is the
possibility of developing blind faith in the technology,
where the matchmaker agent is fully trusted without
questioning potential mismatches. This concern persists
despite early studies showing that algorithm appreciation
can lead to better outcomes than aversion (Keding &
Meissner, 2021). Furthermore, the matchmaker agent
could limit learning by discouraging the submitter from
entering an idea if the system finds a match with a simi-
lar existing idea.

4.4.3 | The matchmaker in action—
Semantic idea similarity search

A mini-case with a leading global chemical producer
reveals practical insights into the matchmaker agent.
Their ideation software includes a semantic idea simi-
larity search, putting them ahead of firms that still rely
on conventional search techniques to find duplicate
submissions. The informant (Idea manager, Source #4,
Case Epsilon) explained, “Before, it didn't work well.
All the words in the title were significantly overvalued
compared to those in the idea itself.” The advanced
search, based on cosine similarity metrics, allows users
to identify submissions with low, medium, or high
similarity to their ideas, along with corresponding
authors' contact details (Figure S4). This AI feature
enhances socialization and improves submission quality
through idea advancement, benefiting multiple
stakeholders:

[As idea generator] you'll get the people you
want to talk to. You describe your own idea,
you see the authors of ideas that are similar,
and then you know who you need to chat with
if you want to advance your idea or if you
need someone for feedback. The campaign
manager then brings other ideators [from the
similar idea] in for feedback. (Idea manager,
Source #4, Case Epsilon)

Additionally, the effective functioning of the idea sim-
ilarity feature has led employees to use the system as
an ‘Expertise Finder,’ enabling global connections
with colleagues sharing similar interests. Although
the feature is considered low risk, its use may be
restricted if ideas are confidential. The company's ide-
ation policy states that idea similarity is not an exclu-
sion criterion for submission. Submitters are
encouraged to submit their ideas even if they closely
resemble existing ones, minimizing the prior stated

risk of reducing the number of submissions
(cf. Sources #2 and #3).

In comparison, findings from Case Delta indicate
that the semantic idea search during the idea genera-
tion phase intentionally reduces the number of submis-
sions to improve idea quality. Ideators with similar
ideas are invited to provide feedback, turning potential
risks into opportunities and resulting in higher-quality
ideas.

4.5 | AI as an analyst

4.5.1 | The analytical pain

The analytical pain refers to the challenge of correctly
analyzing, evaluating, and interpreting information. This
pain is linked to a lack of competencies in convergent
thinking, which is necessary for logical reasoning, infor-
mation accumulation, and decision making
(Cropley, 2006). Causes include a lack of skills (Runco &
Chand, 1995), cognitive effort (Hoornaert et al., 2017),
time constraints, and heavy workloads (Criscuolo
et al., 2017). For example, idea managers and moderators
acting as idea or problem scouts (Beretta et al., 2018;
Beretta et al., 2021) must analyze organizational trends to
align campaigns with priorities, ensuring relevance and
impact. As one informant (System provider, Source #2)
stated, “Idea managers are always interested in what the
trends are, where people are talking about, or where
the biggest problems are.” Evaluators also face time con-
straints that challenge the review and selection process,
making it difficult to analyze ideas thoroughly and
engage in meaningful discussions (Criscuolo et al., 2017).
Informants further noted that evaluators' analytical skills
might be subject to biases affecting idea selection:

The operational blindness (of evaluators)
leads to less thorough evaluations. (Evaluator,
Source #1)
Ideas that were more novel are typically those
that get discarded. A panel of experts or
experts make decisions that tend to focus on
low risk and more feasible ideas in a way.
(Researcher, Source #2)

The consequences of biased selection decisions, such as
novelty bias (Criscuolo et al., 2017) and familiarity bias
(Piezunka & Dahlander, 2015), limit the exploration of
new and breakthrough ideas. Experts have also noted
that bias can lead to unfair reward calculations, likely
decreasing motivation.

174 JOURNAL OF PRODUCT INNOVATION MANAGEMENT



4.5.2 | The value proposition of the
analyst agent

To address analytical pain, AI can act as an analyst by
objectively interpreting and assessing complex informa-
tion to recommend actionable steps. This creates oppor-
tunities for various users, such as idea managers or
moderators, to identify valuable campaign topics using
text mining techniques, such as topic modeling, on inter-
nal or external data, such as patents and social media
(Mühlroth & Grottke, 2022) or predictive customer ana-
lytics that bridge internal and external knowledge silos
(Kitchens et al., 2018):

There is some really interesting stuff happening
around trend management, trend analysis. AI
identifying current trends (…) and helping focus
the innovation strength on the right topics, so
that they don't start an ideation campaign in a
field where you wouldn't really have any gains
from it. (Consultant, Source #2)

In addition, the analyst agent could help mitigate evalua-
tors' biases by providing robust evidence of the feasibility
and potential value of ideas (Bell et al., 2024). For
instance, similarity and clustering algorithms can identify
connections between proposed and past successful ideas
as well as successful patents or products, which can then
be used as predictors of idea success or feasibility
(Dahlander et al., 2023). This evidence-based approach
helps evaluators consider innovative solutions by asses-
sing originality (Dumas et al., 2021) and presentation
quality (Mesgar & Strube, 2018), leading to more objec-
tive evaluations and rewards. Concerning potential risks,
experts worry that AI, in its role as an analyst, could lead
to unreliable predictions if there is a lack of large, high-
quality datasets for training, biased training data, or if
the idea is highly uncertain and radical.

4.5.3 | The analyst in action—Strategic
assessments along the ideation journey

One mini-case (Case Beta) provides the first insights into
how companies experiment and plan to implement the
analyst agent in the evaluation process using genera-
tive AI:

We have a standardized evaluation scheme
that the AI could pre-fill. Reviewers would
then only need to check and verify the form,
reducing their effort. (Idea manager, Source
#4, Case Beta).

The company would develop its prompts through learning
by doing with the help of online sources. This approach
has already proven successful in developing prompts for
inspiring idea solutions (see AI as an Inspirer above).

In contrast, a mini-case with a leading ideation soft-
ware provider (Case Delta) offers insights into an AI-
based analytical feature integrated into their ideation
software via an interface with OpenAI. This feature sup-
ports the entire ideation journey. It can perform specific
analyses for various cases, such as the challenges to and
difficulties, value, and regional suitability of an idea dur-
ing the evaluation phases (Figure S5), “accelerating the
process by handling tasks that experts might spend hours
on,” as noted by an interviewed product specialist and
innovation strategist (Source #4, Case Delta). In the
implementation phase, it suggests tasks to execute ideas.
The system allows customers and consulting firms to
develop and share prompts in a virtual marketplace.
Additionally, it includes verified prompts from the soft-
ware company's prompting engineers. These prompts
“combine flexibility with scalability,” meaning they can be
used across various customers but are also tailored to spe-
cific factors, such as industry, company brand, target mar-
ket, ideation challenge, and strategy (radical or
incremental). Furthermore, the prompts are tailored to
different roles or target groups, addressing their specific
needs. This contextualization enhances result quality and
reduces prediction risks, eliminating concerns raised by
informants (Sources #2 and #3).

4.6 | AI as an organizer

4.6.1 | The administration pain

The administration pain refers to the issue of properly
managing and maintaining the system. It relates to smal-
ler organization-related tasks that add up to a large work-
load for the stakeholders, and idea managers and
moderators in particular. These tasks may include invit-
ing selected peers to provide feedback on ideas, sending
out personal reminders to evaluators who missed their
review deadlines, onboarding idea submitters, or manu-
ally creating performance reports. Our results suggest
that this is a prevalent pain throughout all of our data.
The findings from the company cases and expert inter-
views show that timely evaluation represents a particular
administration pain for idea managers and moderators.
Despite regular automated email reminders to evaluators,
idea managers must “run behind and push,” as one inter-
viewee from the case company (Source #1) reported. This
often leads to alternative solutions to drive idea evalua-
tion, including meetings outside the system that need to
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be planned and organized. As a result, there is less time
for value-adding activities in the ideation process.

4.6.2 | The value proposition of the
organizer agent

To reduce the administration pain, AI may slip into the
role of an organizer. In this role, AI assists in planning,
monitoring, and controlling tasks, thereby relieving
stakeholders from time-consuming administrative pains
and freeing up resources for value-adding activities:

So that the chatbot could, for instance, be the
one in charge of facilitating these discussions
or trying to engage more employees. So that
some of these tasks somehow are delegated
and others that are more relevant or where
they're intervention of the moderator is more
important could be stuff where they focus on
in a way. (Researcher, Source #2).

AI-powered chatbots could also guide and help
employees submit their ideas. By providing clear instruc-
tions and support, these chatbots ensure a smooth experi-
ence, reducing the burden on moderators or idea
managers who would otherwise have to address repeti-
tive queries. Planning algorithms for workflow manage-
ment could contribute additional value, such as when AI,
in its role as an organizer, sets appointments for face-
to-face discussion of ideas between idea managers and
evaluators on instruction from the idea manager. Poten-
tial risks of the organizer role relate primarily to the chat-
bot function, which, depending on its design, may
involve impersonal communication and lower engage-
ment compared to face-to-face user onboarding (Go &
Sundar, 2019).

4.6.3 | The organizer in action: Efficiency
versus human touch

Zeta initiated several AI initiatives intended to opti-
mize the administration of their ideation system but
found that they faced significant obstacles. They intro-
duced a rule-based chatbot named ‘Vinny’ to assist
with idea submissions, aiming to streamline the pro-
cess and reduce the workload on human administra-
tors. Launched in 2018, ‘Vinny’ was designed to
provide immediate responses to common queries based
on content from frequently asked questions. It was
integrated into the existing software to facilitate ease
of use. By 2020, the chatbot had been discontinued

due to low utilization. Although it offered immediate
and correct information on the process of submitting
ideas, employees preferred interacting with local idea
managers rather than the chatbot, citing trust issues
and generational preferences. The perceived lack of reli-
ability and personal touch in AI-driven interactions led
to its abandonment. These factors seem especially
important for employees who are emotionally invested
in the ideas they submit.

4.7 | Framework validation: Problem–
solution fit and interdependencies

We validated the above findings in focus group sessions
to confirm the so-called problem–solution fit
(Osterwalder et al., 2015). Participants confirmed the
existence of the five identified pains7 and considered AI,
with its five different support roles, as a potential pain
reliever. As one idea manager declared, “I definitely see
similar problems in my company and think that AI could
help for sure in the explained ways.” When participants
were asked to consider which pain was most severe or,
conversely, which AI agent had the greatest potential in
ideation systems, the answers varied depending on the
stakeholder they were referring to. Overall, they pointed
out that AI has the biggest impact in the idea generation
phase because of the severe consequences: “S*** in, s***
out! Bad ideas lead to long processing and evaluation
times, and lower implementation likelihood.” In this con-
text, they saw the content formulation pain to be the
most severe, not the creativity pain, because “[t]here are
enough ideas available, creativity is there. Though, the big-
gest obstacle for many ideators is to describe their idea.”
From the perspective of an idea manager, however,
relieving the administration pain using AI as an orga-
nizer would already be of great potential because of the
created gain in saved time. Since the lack of time is
the main cause of many other pains faced by idea man-
agers, addressing the administration pain would auto-
matically reduce the other pains as well, indicating a
positively or negatively reinforcing and hierarchical rela-
tionship between the identified problems. Figure 2
depicts the potential mechanisms derived from our data.

7One participant noted the potential omission of motivational pain
(i.e., a lack of motivation among employees to submit ideas). We do not
see this as a major issue in today's moderated ideation systems, as the
practices implemented by moderators effectively address it (Beretta
et al., 2018). We consider increased motivation as a positive outcome or
‘gain creator’ from using AI in idea management (Figure 3). Another
participant identified the challenge of tracking key performance
indicators and defining actions when they are unmet, but this was
included in the analytical pain addressed by the analyst agent.
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All mechanisms initiate with a content formulation pain
in the phases of (1) campaign design, (2) idea generation,
or (3) idea evaluation (horizontal dimension) and may
lead to a worsening of the related pains (administration,
creativity, search, and analytical) subsequently faced by
the different stakeholders involved (vertical dimension).

In addition, participants stated that pains may be
influenced by corporate culture and system maturity, as
certain problems may be less severe if users have experi-
ence with writing, submitting, and evaluating ideas, for
example. Another focus group member emphasized that
“some AI applications leave the system boundary of idea
management,” requiring interfaces with other systems,
such as AI scheduling appointments in its organizer role.
Thus, to successfully implement an AI-based ideation
system that covers the full range of functionalities out-
lined in this study, AI systems need to be established across
the company, including interfaces with other systems.

There are further risks that lie in the usage of AI in
general, and generative AI to augment ideation in partic-
ular: model misbehavior and interaction issues
(Cheatham et al., 2019) based on underlying biases in
training data and parametrization (e.g., leading to dis-
criminatory or hallucinating AI). However, quality con-
trols in data preparation and training procedures can also
help enhance the reliability (Gudivada et al., 2017) and

fairness of these systems vis-a-vis human decisions
(Mitchell et al., 2021). Interaction issues bear more mana-
gerial relevance because they are often unintended and
may go unnoticed. These issues include bad prompting in
guiding interactive language models, overriding pro-
posals of AI systems, or, contrarily, unreflective accep-
tance of AI outputs (Mollick & Euchner, 2023).
Moreover, the technology could lead to user frustration
“if the algorithm just discriminates against them and their
ideas. And then not receiving any recognition, especially if
it's very depersonalized,” as one expert pointed out.
Hughes et al. (2019) highlighted the risks of AI in terms
of the perceived fairness of employees. While these inter-
action issues may not cause immediate harm, they may
lead to suboptimal use of the technology and thus nega-
tively impact the quality of system outputs in the long
run. In addition, experts highlighted the general risks
concerning data protection and intellectual property loss
(Cheatham et al., 2019). To summarize, the identified AI
support roles may create ‘gains’8 for ideation system

FIGURE 2 Reinforcing Mechanisms Between Pains Within the Ideation System. Structured by Different Phases (Horizontally) and

Stakeholders Involved (Vertically). Source: The content formulation process may also apply to idea contributors (peers). For the sake of

simplicity, our figure focuses on examples involving three stakeholders.

8Identified ‘gain creators’ from AI support functions are: improved
process efficiency and time savings, increased inspiration, motivation,
awareness, understanding, communication, and facilitation of
discussions, reduction of biases, increased idea quantity and quality,
increased quantity and quality of ideas, and greater likelihood of
implementation or success of ideas.
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stakeholders. However, they are also subject to various
risks. Table S3 contains a summary of the risks
examined.

5 | DISCUSSION AND
CONTRIBUTIONS

While literature exists on the potential of AI in creativity
and innovation management (for reviews, see Bahoo
et al., 2023; Haefner et al., 2021), AI has rarely been com-
bined with (corporate) ideation systems and, if it has,
tends to be the subject of a one-sided view of a specific
ideation stage or AI functionality, particularly idea selec-
tion (Bell et al., 2024; Dahlander et al., 2023; Hoornaert
et al., 2017). Our study makes two major contributions to
both literature streams. First, we derive a framework for
AI-based ideation systems based on empirical evidence,
defining the specific supporting roles of AI agents in idea-
tion systems. These AI technology roles can help mitigate
or even overcome the pains of stakeholders in today's ide-
ation systems. Second, our study proposes an understand-
ing of the use of AI in ideation systems through the lens
of systems thinking. We propose two principles of contex-
tualization and generalization when employing AI agents
for corporate ideation by considering the systemic prop-
erties of ideation systems themselves, as well as the sys-
temic nature of their embeddedness within
organizations.

5.1 | A conceptual framework of AI-
based ideation systems

As shown in Figure 3, our proposed AI-based ideation
systems framework encompasses a problem–solution fit
consisting of the identified generic stakeholder ‘pains’ in
today's ideation systems, and AI support roles as ‘pain
relievers.’ Further, it depicts the benefits that the AI sup-
port roles bring—that is, what ‘gain creators’ they pro-
vide. These gain creators eventually translate into the
stakeholders' expected outcomes from ideation, defined
as ‘gains’ according to the Value Proposition Canvas
concept.

Specifically, in addressing our first research question,
we identified five pains of users in moderated, firm-
internal ideation systems: creativity pain, content formula-
tion pain, search pain, analytical pain, and administration
pain. Thereby, we show that several challenges exist,
even though moderated ideation systems can overcome
the drawbacks of traditional systems (Beretta
et al., 2018). This aligns with recent research on improve-
ments in ideation systems to increase the quantity and

quality of their outputs (e.g., Gamber et al., 2022; Zhu
et al., 2019). The main contribution in this regard is to
the literature on (corporate) idea management
(e.g., Beretta et al., 2018; Ruiz & Beretta, 2021) by provid-
ing a more profound understanding of the challenges
faced by different stakeholders of today's existing
systems.

In the context of our first research question, we fur-
ther demonstrate how AI can act as a pain reliever. We
identified five AI agents helping to mitigate or overcome
the defined pains: inspirer, stylist, matchmaker, analyst,
and organizer. In this way, our results further contribute
to ideation system research, particularly to the literature
focusing on investigating measures that lead to greater
efficiency and better innovation outcomes (e.g., Boënne
et al., 2023; Gamber et al., 2022) and literature with spe-
cial emphasis on ideation system characteristics (Beretta
et al., 2018; Gibbs et al., 2017). This contribution is not
necessarily limited to internal ideation systems, as there
are similar user groups and processes, and thus similar
problems in open ideation systems and external crowd-
sourcing systems (Ruiz & Beretta, 2021).

5.2 | Toward a holistic understanding of
AI-based ideation systems

Our study shows that focusing on the systemic properties
of corporate ideation systems helps us understand their
interaction with AI technology. We understand a system
to encompass a “complex whole[,] the functioning of which
depends on its parts and the interactions between those
parts” (Jackson, 2003, p. 3).

First, there are the systemic properties inherent to
corporate ideation systems themselves. Our results dem-
onstrate that there are interdependent and hierarchical
relationships among different stakeholder pains within
these systems. The benefits (gain creators) of a particular
AI support agent may directly reduce the severity of the
specific pain it addresses while also creating second-order
benefits for related pains. For instance, results from our
practitioner focus group workshops and mini-cases show
that the inspirer and stylist agents in the idea generation
phase not only relieve a direct content formulation pain
but also, in doing so, subsequently reduce the idea man-
ager's burden (administration pain) of refining incom-
plete ideas in collaboration with the idea submitter.
Understanding that a pronounced content formulation
pain initiates a negative feedback mechanism within the
ideation process explains why many of the informants in
our study stress the importance of employing generative
AI tools as inspirer and stylist agents, although they are
affected by a recency bias.
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Second, systems thinking allows us to understand ide-
ation systems as subsystems within larger organizational
systems. Our findings highlight that neither ideation sys-
tems nor AI technology operate in isolation but are
affected by the organizational context. This makes the
application of AI prone to the ‘suboptimization’ problem,
meaning an overemphasis on engineering technical fea-
tures for specific functions in ideation systems rather
than considering the human elements of these systems
(Jackson, 2003). The pitfall of suboptimization explains
why, for example, one of our cases shows that an AI orga-
nizer agent may technically perform well but remains
underutilized due to the idea submitters' wishes for per-
sonalized communication.

The results of our analysis suggest how organizations
can address this issue strategically, thereby answering

our second research question. Our main contributions in
this context are to the literature on effective AI imple-
mentation for innovation (e.g., Bahoo et al., 2023;
Gama & Magistretti, 2025). Based on our case studies, we
propose the two organizational principles of contextuali-
zation (of AI usage) and generalization (of AI implemen-
tation), constituting organizational requirements for the
effective application of AI to ideation 3.0. Following the
definition provided by Gama and Magistretti (2025) on
innovation capabilities driven by AI adoption, contextual-
ization and generalization are associated with enabling
capabilities, while the five AI agents we have defined cor-
respond to enhancing capabilities.

The principle of contextualization is based on the
observation that the combination of AI agents and
humans performs better when the context of a task is

FIGURE 3 A conceptual framework of AI-based ideation systems.
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precisely defined (Henrickson & Meroño-Peñuela, 2023).
This contextualization can be achieved technically
through systematic prompt engineering in the backend of
ideation systems, for example, as in the cases of the
examined software developers (e.g., contextual input into
the customer's industry, target group, and region). In this
way, prompts are automatically contextualized, resulting
in a “higher chance of response accuracy and relevance”
(Henrickson & Meroño-Peñuela, 2023, p. 6). However,
contextualization may also be achieved manually through
proficient prompting in interactions between users and
agents, allowing users to set their individual contexts in
interaction with the AI agent. This directly addresses the
potential risks connected to the current AI models' ten-
dency to reproduce general patterns that may lead to less
creative ideas. Equipping users with contextualization abil-
ities through training can be used to direct the human–AI
ensemble away from generic patterns by setting con-
straints and experimenting with outputs.

Whereas the principle of contextualization focuses on
specific AI agents in interactions with individual users, the
principle of generalization is based on the understanding
that AI technology has a general-purpose character. This
means that the technology is not only employed within
ideation systems but also that employees are exposed to it
throughout different units and functions within organiza-
tions. Although the principles of contextualization and
generalization seem dichotomous, generalization activities
may support contextualized usage at the individual level.
Companies can engage in general activities to educate and
empower employees to use general classes of AI tools
effectively across tasks. This cross-functional learning facil-
itates users' AI literacy; it also benefits the more contextu-
alized integration of AI tools into specific work processes
(Weritz et al., 2024). Our results demonstrate specific gen-
eralization instruments, such as an AI-adaptive company
culture that embraces an experimental approach to using
AI agents and is developed through training and commu-
nication campaigns. Generalization may also be achieved
through formalizing AI principles that address associated
concerns, such as copyright and liability issues. This not
only alleviates employees' fears of potential AI risks but
may also directly contribute to the adaptation of ideation
system strategies, such as ideation policies (Beretta
et al., 2018), to become AI-inclusive. Finally, the principles
of contextualization and generalization imply an impor-
tant tension regarding the data used to train and apply AI
agents within corporate ideation systems. Our casework
suggests that higher contextualization for AI-based pro-
cesses may be achieved by using proprietary (company
internal) data. However, an AI agent trained on a
completely closed internal dataset may lack the breadth of
training data needed to perform personalized

communication or to consider relevant information out-
side of company boundaries. The principle of generaliza-
tion suggests that the efficacy of AI models scales with the
number of connected data points they can use (Gregory
et al., 2022) because the agents profit from utilizing exter-
nal big data or pretrained foundation models. Here, balan-
cing the two principles through a half-open approach that
matches the general reasoning capabilities of external
models with fine-tuning their contextual constraints based
on internal data seems advisable—but does require invest-
ment in system integration.

6 | MANAGERIAL IMPLICATIONS

Practically, this study offers implications for managers
in two business fields: ideation system developers and
their customers. Both groups could benefit from consid-
ering the distinction between contextualization and gen-
eralization activities. For developers, our findings serve
as a blueprint for AI-based ideation systems, highlight-
ing the need to design features in a way that allows con-
textualizing AI agents either in the backend or through
direct interaction with users in the front end (or both).
They may also consider identifying the foundation
models (e.g., OpenAI's architecture) that their most
important clients already have in use so that they can
leverage the generalized learning taking place at each
customer's organization. Overall, our results accelerate
the development of AI-based ideation systems by guid-
ing the AI development process with a summary of
stakeholder requirements and potential AI functionali-
ties. Furthermore, for a quick win, developers can
reduce content formulation pain by implementing the
stylist agent with generative AI. For managers repre-
senting ideation system clients, our findings show that
AI in digital ideation could increase process efficiency
and ideation outputs, but they also indicate that such
systems must be used wisely, given their potential risks,
such as the lack of breakthrough ideas or the loss of
intellectual property. Importantly, stakeholders involved
in online ideation will need to develop skills to profi-
ciently select the right type of AI technology for specific
tasks, given the diversity of algorithms, and to profi-
ciently employ them, for example, through informed
prompting in the case of generative AI. Idea managers
and higher-level managers need to think carefully about
how to allow for contextualized interactions with AI
agents while fostering generalized cross-functional
learning in interactions with AI agents. This involves
building an AI-inclusive corporate culture, including
policies, but it also requires choosing a central founda-
tional architecture for each class of AI agent (e.g., one
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generative AI chatbot) to be used across different tasks,
including digital ideation.

7 | LIMITATIONS AND FUTURE
RESEARCH

Four central limitations of our study need to be reflected
upon. First, our main finding is that AI can be employed
in different roles to act as a pain reliever in modern idea-
tion systems. This finding involved the identification of
(i) current issues in ideation systems and (ii) AI-based
solutions to those issues. Although our study identified
the latter based on insights from stakeholders and experts
across various industries and regions, thus strengthening
the transferability of our findings, the identification of
initial pains emerged from a single company case within
a specific industry. This raises concerns about whether
all relevant issues in modern ideation systems were cor-
rectly identified and represented in our study. We con-
sider this a minor issue because these findings are
supported by extensive literature and expert insights, and
because the conducted cross-industry mini-cases con-
firmed the existence of the identified pains. If these pains
did not exist in the first place, ideation system providers
would likely not develop AI features to address them.
However, future research should examine issues in mod-
ern ideation systems across a broader range of compa-
nies. In particular, the systemic nature of ideation
systems and the interrelation of elements and functions
within these systems may be contingent on context and
need to be researched with more nuance, taking feedback
loops and interdependencies into account. As a starting
point, we refer the interested reader to Figure 2.

Second, in this systemic view of corporate ideation,
our findings suggest that the content formulation pain is
a root cause of other pains rippling through the ideation
system. We identified the centrality of this issue through
practitioner workshops with idea managers. Although
these informants are very knowledgeable in terms of see-
ing the entire functioning of ideation systems, they do
not represent the lived experience of actual users of the
ideation systems at various stages. This may introduce
bias when it comes to judging the severity and centrality
of this issue. While our findings suggest that the content
formulation pain is also a focal point for system devel-
opers, further research should aim to understand how
different stakeholders judge the functionality of corporate
ideation systems and their individual elements, and
whether the assessments converge between different
stakeholder groups.

Third, our mini-cases on AI implementation in idea-
tion systems provide empirical support for our

conceptualization of AI roles in ideation systems. How-
ever, they are limited to only a few examples, reflecting
the nascency of AI in corporate ideation systems, with
many companies still lacking experience. While our study
lays the groundwork for characterizing AI-augmented
ideation systems, we encourage future research to con-
duct more case studies as AI-based ideation becomes
more prevalent. We must further acknowledge that our
empirical evidence is prone to recency bias. Although our
study conceptualized and empirically supported AI
agents based on different algorithmic solutions, many
informants focused on the impact of generative AI on
ideation systems. While this may speak to the transfor-
mative potential raised by this paradigm of AI, it may
also be overemphasized by the current buzz surrounding
this particular type of AI technology. As companies
increasingly integrate AI technology into ideation sys-
tems, a pronounced empirical focus should be on how
different AI agents affect corporate ideation over time,
using a longitudinal approach to track a company's tran-
sition to an AI-based system.

Fourth, our research focuses on corporate ideation sys-
tems. While user roles are similar in both open and closed
ideation systems, our findings do not fully apply to open
ideation systems. For example, internal AI technologies
might be preferred to protect intellectual property, offering
greater control over data quality but limiting the breadth
of input data. As data constitute the critical resource deter-
mining the potency of AI solutions, the difference between
closed and open ideation systems should be investigated
for these systems' ability to amplify the positive effects of
AI described in this study. Despite these limitations, our
research provides significant insights into the potential of
AI in digital ideation and encourages further research,
analogous to AI as an inspirer.
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